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LCGC Benefits:LCGC Benefits:
1.1. AnyAny scientist validating novel drug targets scientist validating novel drug targets 

2.2. Any startup engaged in drug discoveryAny startup engaged in drug discovery

3.3. Allows CrossAllows Cross--Platform HTS collaboration and validationPlatform HTS collaboration and validation

4.4. Powerful Validation Tool for Distributed HTSPowerful Validation Tool for Distributed HTS

5.5. N = 3 HTS (‘Gold Standard’): 3 ‘reps.’ for only 20% delta in effN = 3 HTS (‘Gold Standard’): 3 ‘reps.’ for only 20% delta in effortort

6.6. Multimillion $$ support infrastructure for pennies a compoundMultimillion $$ support infrastructure for pennies a compound



Summary: LCGCSummary: LCGC
•• Increase in new leads productivity = 500%Increase in new leads productivity = 500%

•• Far higher value extraction from molecular diversity assetsFar higher value extraction from molecular diversity assets

•• Cost savings and enhanced productivityCost savings and enhanced productivity
–– Each assay in 10XY saves costs to allow purchasing and screeningEach assay in 10XY saves costs to allow purchasing and screeningmore more 

compoundscompounds(essentially ‘for free’)(essentially ‘for free’)

•• Entire infrastructure in place and offered as LCGC ServiceEntire infrastructure in place and offered as LCGC Service
–– A bundle of drug discovery enablement including A bundle of drug discovery enablement including 

unique drugunique drug--like library, 10XY compressed libraries, like library, 10XY compressed libraries, 
ready to screen, informatics support, compound ready to screen, informatics support, compound 
management support, ASRS support. management support, ASRS support. 



Present Practice in HTS is PoorPresent Practice in HTS is Poor
•• >99.5% of the cost of HTS generates null data>99.5% of the cost of HTS generates null data

–– HHigh igh TThroughput hroughput SScreening  is binary with only a 0.5% hit ratecreening  is binary with only a 0.5% hit rate

•• Positive confirmation rates from HTS = ca. 30%Positive confirmation rates from HTS = ca. 30%--80%80%
–– False negatives rate > 0False negatives rate > 0——what leads are missed?what leads are missed?
–– No other bioassay field runs n = 1 assaysNo other bioassay field runs n = 1 assays

•• Goal of HTS must be find the best leads a fast as possibleGoal of HTS must be find the best leads a fast as possible

�¾�¾500% faster discovery; with 80% fewer 500% faster discovery; with 80% fewer 
resourcesresources
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Assay Z' Cutoff Actives

Best 
Potency 

Retest 
Rate Format

W06192009 0.72 50% 63 < 1 �PM 77% ELISA

Dlcgc011 0.45 80% 48 < 10 �PM 72% FP

Gbio004 0.74 50% 64 5 nM 88% FP

Gcell005 (Fura-2) 0.72 50% 7 5 nM 100% FURA-2

HTS Results 8 x 8,000 compounds = 64KHTS Results 8 x 8,000 compounds = 64K
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Results as good as present HTS practice —but 500% faster



New Approaches, New Software and Data 
Mining.  LCGC has strong domain expertise

www. ceuticalsoft .com



NanoTube Automated Repository System (NARS)NanoTube Automated Repository System (NARS)

�Â�Â Powerful HTS Collaborations enabled for allPowerful HTS Collaborations enabled for all
–– Powerful Molecular Diversity ServerPowerful Molecular Diversity Server

–– 10,000,000 sample capacity; raw pick rate of 10,000 10,000,000 sample capacity; raw pick rate of 10,000 
samples per day. Focused HTS sets on the fly.samples per day. Focused HTS sets on the fly.

–– Broad applications for managing compound libraries; Broad applications for managing compound libraries; 
other assets. Library consolidationother assets. Library consolidation——resource sharingresource sharing

–– $$Multimillion infrastructure available by reasonable fee$$Multimillion infrastructure available by reasonable fee--
forfor--service model to accelerate HTS by 500%service model to accelerate HTS by 500%



FIGURE 3

 



LCGC: A New Collaborative Model

�QResource consolidation —eliminate waste —increase diversity

�QInnovative Six -Sigma model —the blind leading the knowing

�QExtract ROI from under -performing molecular diversity assets 

�QConserve resources, costs and time.  Enhance HTS productivity



SummarySummary
•• New Research MaterialsNew Research Materials——Disposable Compressed LibrariesDisposable Compressed Libraries

�Â�Â pennies per compound; purchase or subscribepennies per compound; purchase or subscribe

•• Innovative Service Models for Drug Discovery SpaceInnovative Service Models for Drug Discovery Space
�Â�Â 80% cost savings over internal compound management80% cost savings over internal compound management

•• Explicit ROI for Clients >> Cost of Materials and ServiceExplicit ROI for Clients >> Cost of Materials and Service
–– Cost of libraries is immediately returned with the first screen Cost of libraries is immediately returned with the first screen runrun

•• Expertise of LCGC recruited to your teamExpertise of LCGC recruited to your team

•• Potential for powerful research consortia and networksPotential for powerful research consortia and networks
–– New models for industryNew models for industry--academia collaborationsacademia collaborations
–– Validate outsourced HTS by Validate outsourced HTS by CROsCROs

••LCGC LCGC nownow makes these resources available at far below its costmakes these resources available at far below its cost
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